Recall: ggplot()- layered grammar of graphics
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ggplot(data = <DATA>) +
<GEOM_FUNCTION><
mapping = aes(<MAPPINGS>),
stat = <STAT>,
position = <POSITION>
) +
<COORDINATE_FUNCTION> +
<FACET_FUNCTION>
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ggplot()-barchart
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ggplot()-barchart
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ggplot()-barchart
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Model: Aims and Methods
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Scatterplots and Regression
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Scatterplots and Regression
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Linear Models
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Linear Models : Understand Errors
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Linear Models : find the best possible line

modell <- function(a, data) {
all] + data$x * al[2] —
+
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> #measure distance

> measure_distance <- function(mod, data) {
+ diff <- data$y - modell(mod, data)

+  sqrt(mean(diff ~ 2))

+ }

> best <- optim(c(0, 0), measure_distance, data = siml)
>

best$par
[1] 4.222248 2.051204

> #> [1] 4.222248 2.051204
> measure_distance(c(best$par[1], best$par[2]) , siml)

[1] 2.128181
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Linear Models : best line
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Linear Models : best line

(Intercept) X
4.220822 2.051533
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Scatterplots and Regression
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Scatterplots and Regression
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